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ellow horn (Xanthoceras sorbifolia

Bunge) transcriptome in response to different
abiotic stresses: a comparative RNA-Seq study†

Yanhe Lang, * Zhi Liu and Zhimin Zheng

Yellow horn (Xanthoceras sorbifolia Bunge) is a well-known oil-rich seed shrub which can grow well in

barren and arid environments in the northern part of China. Yellow horn has received worldwide

attention because of its excellent economic and environmental value. However, because of its limited

genetic data, little information can be found regarding the molecular defense mechanisms of yellow

horn exposed to various abiotic stresses. In view of this, the current study aims to investigate the impact

of different abiotic stresses (i.e. NaCl, ABA and low temperature) on the transcriptome of yellow horn

using RNA-Seq. Based on the transcriptome sequencing data, approximately 27% to 45% of stress-

responsive genes were found highly expressed after stress treatment for 24 h. In addition, these genes

were found to be still expressed after stress treatment for 48 h. However, many additional genes were

stress-regulated after 48 h treatment compared with the 24 h treatment. GO enrichment analysis

revealed that the expression patterns of the stress-responsive, type-specific terms were generally down-

regulated. Most shared GO terms were primarily involved in protein folding, unfolding protein binding,

protein transport and protein modification. Further, transcription factors (TFs), such as ERFs, bHLH, GRAS

and NAC, were found to be enriched only in the low temperature treatment group, particularly the ERF

TFs families. These combined results suggested that yellow horn may have developed specific molecular

defense systems against diverse abiotic stresses.
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Introduction

Yellow horn (Xanthoceras sorbifolium) is an endemic oil-rich,
woody deciduous shrub, which is widely distributed in the
northern part of China.1 Yellow horn is the only species of
Xanthoceras belonging to the family of Sapindaceae, which has
attracted worldwide attention in recent years owing to its
economic and environmental value.2 As one kind of oil-rich
seed plant, yellow horn has been widely used to produce
renewable and environmentally friendly bioactive oils.3,4

Previous publications have addressed the unsaturated fatty
acids in the seeds of yellow horn, including gondoic acid, oleic
acid, nervonic acid and linoleic acid, ranging from 85% to
93%.5,6 Furthermore, the Chinese government has launched
yellow horn breeding programs in order to achieve food security
and ease the energy crisis in a sustainable manner.7 Unlike
most energy-resource trees that can only survive in farmland,
yellow horn can not only survive in barren, drought and cold

ETR
eeding Laboratory, Ministry of Education,

enter (ASNESC), College of Life Science,

Heilongjiang Province, China. E-mail:

96

tion (ESI) available. See DOI:
environment, but also grow well in the saline-alkali environ-
ment.8 As a result, yellow horn can be cultivated in deserts,
semi-arid and arid zones in the northwest of China, thereby
having the potential for future vegetation restoration of barren,
deserts, semi-arid and arid regions.9

The growth of plants is susceptible to various abiotic
stresses.10,11 When individual abiotic stress happens, plants
oen exhibit reduced growth and productivity.12 Therefore, the
elucidation of the possible molecular responses of plants under
different abiotic stresses would be helpful to understand the
general defense mechanisms of plants when exposed to unfa-
vorable environmental conditions. However, as a non-model
plant, there is no information available regarding the molec-
ular defense responses of yellow horn subjected to various
abiotic stresses, since the whole-genome sequences of yellow
horn has not been released until June, 2019.13,14

The rapid development of the next generation sequencing
(NGS) can facilitate comprehensive analyses of complex genome
based on the large-scale sequencing data.15,16 The applications
of NGS technologies are not only contributable to a deep
investigation into the genomic resources for yellow horn, but
also conducive to a quick identication of differentially
expressed genes (DEGs), as well as the key metabolic pathways
of yellow horn in response to abiotic stresses.17,18 As one type of
NGS, RNA-sequencing (RNA-Seq) can provide unprecedented
This journal is © The Royal Society of Chemistry 2020
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opportunities for the generation of genomic information in
uncharacterized earlier systems.19,20 Recent literatures have also
reported the transcriptome of many plants performed using
RNA-Seq, such as tomato,21 Rosa chinensis,22 watermelon23 as
well as tobacco.24 However, only a few publications focused on
the investigations into yellow horn transcriptome.8,25 In addi-
tion, little research has been dedicated to the molecular
defensive responses of yellow horn in response to different
abiotic stresses.

In this study, we investigated the transcriptome of yellow
horn exposed to different abiotic stresses (i.e. NaCl, ABA and
low temperature) using RNA-Seq based on the Illumina Nova
Seq6000 2 � 150 bp platform, including the functional anno-
tations of transcripts and characterization of DEGs. These
transcripts would represent the rst transcriptome sequence
dataset of yellow horn responsive to different abiotic stresses.
These transcriptome data would provide new perspectives for
the exploration of possible molecular defensive responses of
yellow horn against different abiotic stresses.
Materials and methods
Plant material and treatment

In this study, the yellow horn seeds were obtained from the
Research Center of Yellow Horn Engineering Technology, State
Forestry and Grassland Administration, Chifeng city, China.
The germinated seeds were randomly selected and cultivated at
25 �C in order to obtain the yellow horn seedlings (about 15 cm
long). These seedings of yellow horn were soil cultured in the
greenhouse with 16 h-light–8 h-dark light conditions under 50–
60% relative humidity (RH), and irrigated with moderate water.
Aer cultivation for 30 days, twelve 15 cm-long seedlings under
same growing conditions were randomly selected for leave
sampling. These seedlings were randomly divided into four
groups, including the control group and three treatment
groups. Three yellow horn seedlings in each treatment group
were subjected to different abiotic stresses, i.e. 2% NaCl (w/v)
treatment, 100 mm ABA treatments and low temperature (4 �C)
treatment, respectively. Leave sampling were conducted aer
24 h and 48 h stress applications. The two time points were
selected according to the phenotypic changes of yellow horn
seedings aer 24 h and 48 h treatments as compared to the
control groups. Leaves samples were collected in triplicate for
RNA-Seq throughout this investigation. These freshly leave
samples were snapped frozen using liquid nitrogen and then
preserved at �80 �C for further analysis.ETR
RNA extraction, cDNA library construction and RNA-
sequencing

The extraction of total RNA from the collected leaves of yellow
horn was performed using the TRIzol® Reagent (Invitrogen)
following the manufacturer's instructions. Aerwards, the
genomic DNA was digested using RNase-free DNase I (TaKara,
Dalian, China) following the manufacturer's protocols. The
integrity of total RNA were detected using 1% agarose gels and
then quantied using Nanodrop ND-2000 spectrophotometer

R

This journal is © The Royal Society of Chemistry 2020
(Thermo Scientic, Waltham, MA, USA). Total RNA extracts with
the OD260/280 value higher than 2.0 were selected for the
construction of the cDNA library using the TruSeq™ RNA sample
preparation kit (San Diego, CA) on the basis of the Illumina
manufacturer's instructions (Illumina, San Diego, CA, USA).26

The synthesis of cDNA, end repair, A-base addition as well as
the ligation of the Illumina-indexed adaptors were carried out
according to Illumina's protocols.26 Briey, the cleaved RNA
fragments were used for the synthesis of the rst-strand of
cDNA using the random hexamers and reverse transcriptase.
Then the synthesis of the second-strand of cDNA was performed
using dNTPs, RNase H and DNA polymerase I. The resultant
dscDNA fragments were puried using AMPure XP beads
(Beckman Coulter Genomics, Danvers, MA, USA), and then
subjected to end repair through the addition of a single “A” base
and the ligation of Illumina multiplex barcode adapters. The
adaptor-modied cDNA fragments were separated by gel puri-
cation using AMPure XP beads and amplied via the PCR
reactions using Phusion DNA polymerase (NEB) to enrich the
adapter-ligated of fragments. The resultant PCR products were
puried with AMPure XP beads again, and then the nal cDNA
libraries were constructed.

The quality of different cDNA libraries was examined via the
TBS380 system before the proceeding of the subsequent anal-
ysis with the aim to ensure the assembly of sequences. Aer-
wards, the clustering of these index-coded samples was
performed on a cBot Cluster Generation System using the HiSeq
PE Cluster Kit v4 (Illumina, San Diego, CA, USA) according to
the manufacturer's protocols. Aer cluster generation, the
transcriptome sequencing of the paired-end cDNA libraries
derived from both control and treated groups was performed on
the llumina Nova Seq6000 2 � 150 bp platform by Shanghai
Biozeron Biotechnology Co. Ltd (Shanghai, China). All raw data
have been submitted to the NCBI database.

Quality control and mapping

The quality of the paired-end raw reads generated by Illumina
platform was rstly examined using the Fastp (version 0.20.0)
(https://www.jianshu.com/p/6f492058da5b). Then these raw
reads were trimmed before assembly by eliminating the
adaptors and primers with the Cutadapt soware (version
1.11)27 in order to get the high-quality reads. Then the LUCY2
soware28 was applied in order to remove the low-quality
regions and bases. Clean reads were nally obtained by dis-
carding the reads with adapters, poly-N, together with the low-
quality reads. All subsequent downstream analysis were con-
ducted in terms of the high-quality clean reads. The clean
reads were separately mapped to yellow horn reference
genome in NCBI (accession number: PRJNA483857) with
orientation mode using the HISAT2 soware (version
2.0.5).29,30 Then the read count for each gene was obtained
according to the mapping results.

Identication of differentially expressed genes

In order to characterize the DEGs between the control and
treatment groups, gene expression level was estimated using
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Fig. 1 The MDS clustering patterns of the replicated RNA-Seq
samples. Features represent libraries from control group, NaCl, ABA
and low temperature groups after 24 h treatment (A) and 48 h treat-
ment (B). RNA-Seq samples were arranged in terms of their calculated
Euclidean distances.
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feature Counts (version 1.5.0-P1).31 Briey, the measurement of
gene expression level for each transcript was implemented via
the fragments with per kilo bases or per million bases of tran-
scripts using the mapped (TPM) approach.32 The differential
expression analysis of yellow horn samples subjecting to
different abiotic stresses were performed using DESeq2 in the R
soware (version 3.3.2).33 The resultant P values adjusted to the
Benjamini and Hochberg's approach in order to control the
false discovery rate (FDR) to correct for multiple testing.34 The
genes with FDR value# 0.05 and |log2 FC|$ 1 were considered
the threshold of differential expression as reported earlier.35

Go and KEGG annotation

To better understand the functions of differentially expressed
genes (DEGs) and obtain better insights into the stress-
responsive genes and pathways, DEGs were annotated in the
GO databases (E-value#1� 10�6) and the KEGG databases with
an E-value #1 � 10�10 using the eggNOG-mapper soware.36 In
addition, GO functional classications were performed using
the hypergeometric distribution algorithm in the context of
Molecular Function (MF), Biological Processes (BP) and Cellular
Component (CC) ontologies performed with WEGO soware,37

while the KEGG pathway assignments were carried out using
the online KEGG Automatic Annotation Server (KAAS), as
described in a previous study.38

GO and KEGG enrichment analysis

To investigate the BF aspect of the screened DEGs, GO enrich-
ment and KEGG enrichment were conducted using Goatools39

and KOBAS,40 respectively. GO enrichment analysis was con-
ducted using the GOseq package in the R soware on the basis
of Wallenius non-central hyper-geometric distribution.41 The
KOBAS soware was used to conduct the KEGG pathway
enrichment analysis of the DEGs and then examine the statis-
tical signicance of DEGs enriched in the KEGG pathways.

Multidimensional scaling analysis

In order to provide a visual representation of transcriptomic
relationships between different RNA-Seq samples by spatial
arrangement and further evaluate the quality of the tran-
scriptomic sequencing data, the clustering of RNA-Seq samples
were implemented using the multidimensional scaling (MDS)
analysis performed using SPSS19.0 soware (IBM, Armonk, NY,
USA) by inputting the abundance of genes as variables.

Results
Transcriptomic relationships of RNA-Seq samples based on
the MDS approach

The reliability of transcriptomic sequencing was veried as
presented in Fig. S1.† The mapping result of RNA-sequencing
data to the yellow horn reference genome was shown in ESI 1
Table S1.† The transcriptomic relationships between the type
and duration of diverse abiotic stresses (i.e. NaCl stress, ABA
stress and low temperature stress) were determined using the
MDS method as presented in Fig. 1. The MDS patterns of the

RETR
6514 | RSC Adv., 2020, 10, 6512–6519
replicated yellow horn samples exposed to different abiotic
stresses were explored in the context of 24 h and 48 h treatment,
as illustrated in Fig. 1A and B. It is obvious that RNA-Seq
samples exposed to different abiotic stresses for 24 h and 48 h
were prone to be separable in the MDS plot. This demonstrated
that the observed divergence in transcriptome was strongly
related to the type and duration of abiotic stresses. However,
within each treatment group at 24 h and 48 h, RNA-Seq samples
tended to be grouped closely together. In addition, control
samples and low temperature treated samples positioned most
closely aer treatment for 24 h (Fig. 1A), whereas control
samples and ABA stressed samples positioned closely aer
treatment for 48 h (Fig. 1B). However, the control samples and
low temperature treated samples positioned most distantly
apart, indicating the differential MDS patterns may owe much
to the stress durations.

ED
Identication of differentially expressed genes

In this study, the DEGs related to salt stress, ABA stress and low
temperature stress were identied in three pairwise contrasts
between the control and stress-treated samples aer treatment
for 24 h and 48 h. The number of DEGs which have FDR value#
5% and |log2 FC|$ 1 was illustrated for three treatment groups
in the context of 24 h and 48 h and presented as volcano plots
(Fig. 2A). A full list of the DEGs was displayed as in ESI Table
S2.† Aer stress exposure for 24 h and 48 h, salt stress treatment
led to the smallest number of DEGs (1119 at 24 h and 770 at 48
h). However, the most signicant impact on gene expression
can be found in the low temperature treatment group, with 2628
DEGs at 24 h and 3480 DEGs aer 48 h treatment. The total
number of DEGs involved in the low temperature treatment was
substantially higher than those regulated by salt stress or ABA
stress alone. This result may ascribe to the type and duration of
abiotic stresses.

The DEGs found between 27% (ABA treatment) and 45%
(low-temperature treatment) of aer 24 h were also expressed
aer 48 h of treatment (Fig. 2B). 21–33% of the up-regulated
over-lapped DEGs and 26–39% of the down-regulated over-
lapped DEGs were found conserved as a function of time
among each treatment. Cross-comparison was made between
the DEGs sets aer 24 h, which showed that the highest

ACT
This journal is © The Royal Society of Chemistry 2020
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Fig. 2 Summary of the DEGs between control group and stress-
treated groups. (A) Volcano plots show the DEGs for each treatment
over time. The up-regulated DEGs are symbolized by red dots, while
the down-regulated DEGs are symbolized by green dots. The number
of total DEGs are displayed in the upper left and right corner for the
significant up- or down-regulated DEGs. The DEGs that do not exceed
the threshold (|log2 FC| $ 5 and FDR # 5%) are illustrated in black
color; (B) overlapped DEGs at 24 h that also expressed at 48 h for each
treatment in percent. Bars indicate the all overlaps of DEGs, the up-
regulated and the down-regulated DEGs, respectively; (C and D) Venn
diagrams show the overlaps between DEGs in response to salt stress,
ABA stress and low temperature stress after 24 h and 48 h of stress
applications. Arrows indicate the number of up- or down-regulated
DEGs.

Fig. 3 The enriched l GO terms among different DEGs after 24 h stress
applications. a Non-redundant GO terms (FDR # 5% and similarity #

0.5) are shown for the identified biological processes (BP) (light khaki
background) and molecular functions (MF) (white background). b The
identified GO terms belonging to the same cluster are listed higher-
ranking term. c Treatments are salt stress (S), ABA stress (A) and low
temperature stress (L). The regulation direction is represented by
green (down-regulation), red (up-regulation), blue (both down-regu-
lation and up-regulation included) and grey (not significantly
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TR
ACT
proportion of DEGs (44%) was unique to the low temperature
treatment, while salt stress (14%) and ABA stress (25%) treat-
ment led to less DEGs (Fig. 2C). This indicated the low
temperature treatment cannot lead to the additive regulation of
DEGs than the other two individual stress treatment. Instead,
a substantial number of DEGs were merely regulated by the low
temperature treatment but not by the two individual stress
factors. 110 sets of the overlap DEGs (3%) responded to all three
treatments aer 24 h, indicating that the regulatory mechanism
that were not affected by the stress type. In contrast, 48 h stress
response showed lower overlap genes (2%) in response to all
treatments. 67% of DEGs were unique to low temperature stress
at 48 h (Fig. 2D), while only 9–11% of DEGs were unique to the
salt treatment and ABA treatment, respectively.

RE
This journal is © The Royal Society of Chemistry 2020
Evaluation of stress-responsive pathways

In order to study the biological functions of DEGs, GO enrich-
ment analysis were performed. GO terms were designated to
DEGs to identify the stress-responsive biological processes and
functions. The obtained results were cross-compared using the
agriGO soware (version 2.0).42 A whole list of the enriched GO
terms in all treatment-by-time groups was given as presented in
ESI Table S3† and S4.† There remained 57 GO terms in total in
response to different abiotic stresses treatment at 24 h aer
ltering using REVIGO43 as shown in Fig. 3. GO terms were
shared between two or more treatments. None of these GO
terms were treatment-specic. Most GO terms were commonly
enriched and shared between different abiotic stresses treated
groups. The shared terms of BP and MF in response to salt
stress and low temperature stress were mostly down-regulated,ED
regulated).

RSC Adv., 2020, 10, 6512–6519 | 6515
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Fig. 4 The enriched l GO terms among different DEGs after 48 h stress
applications. a Non-redundant GO terms (FDR# 5% and similarity# 0.5)
are shown for the identified biological processes (BP) (light khaki
background) and molecular functions (MF) (white background). b The
identified GO terms belonging to the same cluster are listed higher-
ranking term. c Treatments are salt stress (S), ABA stress (A) and low
temperature stress (L). The regulation direction is represented by green
(down-regulation), red (up-regulation), blue (both down-regulation and
up-regulation included) and grey (not significantly regulated).
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including metabolic processes such as ‘protein folding’
(GO:0006457) and ‘intracellular protein transmembrane trans-
port’ (GO:0065002). Only a few shared GO terms were found to
be up-regulated, including not only catalytic activities such as
‘glucosyltransferase activities’ (GO:0046527) but also metabolic
processes involved in a series of regulatory processes (e.g.
GO:0060255 and GO:0051252). Mutual DEGs between ABA
stress and low temperature stress were all down-regulated,
which were identied to be involved in general stimulus
responses and protein folding process. These shared DEGs were
similar to those between salt stress and low temperature,
featured by the unique GO terms ‘response to hydrogen
peroxide’ (GO:0042542), ‘negative regulation of biological
process’ (GO:0048519) and ‘protein transmembrane import into
intracellular organelle’ (GO:004743). The last set of treatment-
independent terms (i.e. salt stress and ABA stress) also
showed down-regulation in most biological processes. Twenty-
two mutual shared terms were found while eleven of them
were unique to the rst two sets. Only two shared terms were
found up-regulated, which mainly involved in general stimulus
responses, i.e. ‘response to water deprivation’ (GO:0009414) and
‘response to water’ (GO:0009415). Ten shared terms were found
down-regulated in all treatment groups at 24 h.

In total, 44 GO terms in response to different abiotic stresses
treatment aer 48 h exposure remained aer ltering (Fig. 4). GO
terms assigned to DEGs in response to salt stress and ABA stress
weremostly down-regulated with only four terms up-regulated, i.e.
‘regulation of cellular process’ (GO:0050794) and ‘regulation of
cellular metabolic process’ (GO:0031323) in response to salt stress,
‘cellular response to extracellular stimulus’ (GO:0031668) as well
as ‘negative regulation of organelle organization’ (GO:0010639) in
response to ABA stress. In contrast, the GO terms in response to
low temperature stress remained mainly up-regulated. The shared
GO terms were found to be largely down-regulated between salt
stress and low temperature stress, with only two shared terms (i.e.
regulation of cellular process, GO:0050794; regulation of cellular
metabolic process, GO:0031323) involved in metabolic regulation
processes remaining up-regulated. These shared GO terms were
mainly involved in the biological process, such as protein folding
(GO:0006457), protein complex assembly (GO:0006461) and
protein complex biogenesis (GO:0070271); the molecular func-
tions like unfolded protein binding (GO:0051082) as well as several
general stimulus responses. Mutual DEGs between ABA stress and
low temperature were found to be all down-regulated aer treat-
ment for 48 h, which were identied to be involved in general
stimulus responses and protein folding process, which correlated
well with the mutual DEGs in response to ABA stress and low
temperature treatment for 24 h. The last set of treatment-
independent terms (i.e. salt stress and ABA stress) showed
largest number of down-regulated terms and down-regulation in
most biological processes. This also agreed well with the mutual
DEGs in response to salt stress and ABA treatment for 24 h. Eight
shared terms were found down-regulated in all abiotic stress
treatments at 48 h. Six shared terms involved in general stimulus
responses and only two shared terms involved in protein folding
(GO:0006457) and the regulation of reactive oxygen species meta-
bolic process (GO:2000379).

RETR
6516 | RSC Adv., 2020, 10, 6512–6519
Distribution of TFs in the DEG sets

In total, 1599 yellow horn transcription factors (TFs) were
expressed in the present RNA-Seq dataset which belong to 58 TF
families. They were used as a reference distribution to identify
the deviations in the family distributions of the DEGs for each
treatment at different points in time (Fig. 5). All selected TFs
were found to be reduced aer the salt treatment and ABA
treatment at 24 h and 48 h. No salt treatment-specic and ABA
treatment-specic enrichment of TF families was observed at
both time points. In contrast to the other two treatments, four
TF families, including ERF, NAC, GRAS and B3, were found to
be generally enriched aer low temperature treatment at 24 h
and 48 h. The ERF and NAC families were enriched aer 24 h
aer salt treatment particularly the ERF TF family, which was
over-represented aer low temperature treatment. At 24 h, only
bHLH and C3H TF families were found enriched specically
upon low temperature treatment. At 48 h, the bZIP, G2-like,
WRKY and MIKC_MADS TF families were enriched upon low
temperature treatment.
This journal is © The Royal Society of Chemistry 2020
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Fig. 5 The prevalence of transcription factor (TF) families after salt,
ABA and low temperature stress for 24 h (a) and 48 h (b). Families with
$30 expressed members are shown.
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Discussion

Abiotic stresses are considered key factors which can negatively
affect the growth and productivity of plants.44–46 Yellow horn
(Xanthoceras sorbifolia Bunge) is a well-known oilseed shrub of
important economic value in China and also considered major
contributor for the Chinese oilseed production.4 In addition,
owing to its strong adaption to various abiotic stress conditions
such as saline-alkali environment, deserts as well as arid regions,
yellow horn has been deemed as potential pioneer tree species for
future vegetation and restoration.9 Thus, there is an urgent need
to be felt to reveal the molecular responses of yellow horn
exposed to various abiotic stresses at present as well as in the
years to come, since the genomic annotation of yellow horn has
become publicly available recently. Furthermore, recent advances
in biotechnology have also accelerated the molecular under-
standing of plants in response to different abiotic stresses.38 As
a result, a huge number of stress-responsive genes have been
screened and functionally annotated in model plants such as
Arabidopsis,47 Oryza sativa48 and Zea mays.49 Nevertheless, little
information can be available on the molecular responses of
yellow horn with regard to salt stress, ABA stress and low
temperature stress. Considering this, we investigate the impact of
different individual abiotic stresses, including salt stress (2%
NaCl), ABA stress (100 mM ABA) and low temperature stress (4
�C) on the global transcriptome proles of yellow horn.

In order to screen the transcriptomic patterns of yellow horn
and its strong adaptions to diverse abiotic stresses, young
seedings were exposed to different stress conditions for 24 h
and 48 h were analyzed using RNA-Seq. There were visible
phenotypic changes developmental differences in yellow horn
aer exposure for 24 h and 48 h (data not shown). This result
agreed well with previous literature, which highlighted that
although the transcriptomic adaptions can be detectable only
aer treatment for a few hours, the observed phenotypic effects
appeared only aer treatment for a couple of days.50 A full
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number of identied DEGs between control group and treated
groups varied slightly between the duration of treatment with
4395 DEGs aer 24 h (Fig. 2C) and 4357 DEGs aer 48 h
(Fig. 2D). However, clear differences in the number of DEGs can
be found between different stress types.

Salt treatment and ABA treatment led to a lower number of
DEGs than low temperature treatment at 24 h and 48 h as pre-
sented in Fig. 2A (1119 vs. 2628 at 24 h and 770 vs. 3480 at 48 h for
salt treatment; 1510 vs. 2628 at 24 h and 756 vs. 3480 at 48 h for
ABA treatment). It can be seen that the individual stress type and
duration have important impacts on the number of DEGs, which
correlated well with a previous study.51,52 In addition, more DEGs
can be identied for yellow horn in response to low temperature
stress than to salt treatment and ABA treatment, implying yellow
horn may have strong defensive systems in response to low
temperature environment. Meanwhile, DEGs regulated by
different abiotic stresses at different time points exhibited
a conservation of 27% to 45% to large extent (Fig. 2B). This
suggested that the established short-term molecular stress
responses for plants still needs to be veried via longer-term
stress treatment.53,54 Further study is currently in progress to
verify the molecular stress responses for yellow horn using long-
term stress treatment using RNA-Seq. A comparative study of the
DEG sets for each time point across treatments revealed that 44%
of all stress-responsive genes treated aer 24 h were unique to the
low temperature treatment, while 67% of DEGs were unique to
the low temperature stress aer 48 h. A substantial overlapped
genes with low temperature regulated genes can be observed
(17% aer 24 h and 12% aer 48 h). This implied that the stress
responses and adaptive processes of yellow horn in response to
different stressesmay be regulated through a complex network of
cross-talk among different signaling pathways.55

In order obtain further insights into the biological processes
and molecular functions shown as stress-responsive, GO terms
were assigned to the DEGs and analyzed for enrichment. The
enriched GO terms for the two time points shown in Fig. 1 and 2
conrmed the complexities of stress responses involved in
a host number of signaling pathways. Salt stress and ABA stress
shared the enriched GO terms probably caused by the lack of
water, thereby leading to similar responses at both time
points.56 The regulation direction was highly conserved within
eight mutually enriched terms involving in protein metabolic
process such as protein folding (GO:0006457), unfold protein
binding (GO:0051082) and general stimulus responses to
unfolded protein (GO:0006986) etc. Under salt stress aer 24 h,
seven shared GO terms were found to be up-regulated, which
mainly involve in general stimulus responses to water
(GO:0009415) and water deprivation (GO:0009414); catalytic
activity, including transferase activities (GO:0016758) and glu-
cosyltransferase activity (GO:0046527); some regulatory meta-
bolic process (GO:0009737, GO:2000112, GO:0051252 and
GO:0060255). However, aer 48 h of salt stress, only two up-
regulated shared terms were identied, which involved in
cellular response to extracellular stimulus (GO:0065002) and
negative regulation of organelle organization (GO:0010639).
This indicated a better adaptation of yellow horn in response to
salt exposure. In contrast, all shared terms between ABA stress
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and low temperature stress were down-regulated as observed at
both time points. Exposure to salt and low temperature would
bring about a signicant down-regulation of stress-responsive
shared terms. Only a few shared terms were found to be up-
regulated. Previous studies have examined the expressional
changes of genes involved in different abiotic stresses.57–60

These combined results suggested that genes involved in
response to various abiotic stress were regulated by develop-
mental stages and therefore displayed different regulation
patterns over time. According to the GO enrichment, a host of
genes mainly involved in protein metabolic process such as
protein folding, unfold protein binding, protein transport and
protein modication. This suggested that the molecular
mechanism of yellow horn in response to abiotic stresses may
be strongly related to protein-related biological processes.
Further studies are still needed to identify the key proteins in
yellow horn responsive to various abiotic stresses.

TFs can be helpful to control the activity of the downstream
target genes. In yellow horn, 1599 TFs in total are classied into
58 families, among which 1165 TFs were found to be active in
response to NaCl, ABA and low temperature stresses in this
study. In this study, the ERF families were found over-
represented among all treatment, with a major proportion of
these TFs belongs to the ERF families. The ERFs have been re-
ported to actively participate in a host of plant biological
processes (e.g. developmental and physiological processes), but
also act in response to wounding61,62 and various abiotic
stresses.63,64 Previous publication has found that the over-
expressed ERFs are more resistant to abiotic stresses such as
salinity, cold and water stress.65

In the present study, genes identied as ERFs were both up-
and down-regulated among different treatment groups. Expo-
sure of yellow horn to high salinity and ABA stress can lead to the
reduction of ERFs, while the low treatment can result in the over-
expression of ERFs. This indicated a swi induction of abiotic
stresses which can increase ethylene production. A moderate
change can lead to the inhibitory effect on the biosynthesis of
ethylene, thereby resulting in the differential regulatory direc-
tions in gene expression patterns. In addition, previous literature
has found that the bHLH66 and b-ZIP67 families were ABA-
dependent which can be induced in the presence of ABA. Both
of them have important regulatory functions in developmental
and physiological processes in plants. However, the slight
enrichment of bHLH and b-ZIP can be observed only in low
temperature aer treatment for 24 h and 48 h, respectively. No
clear enrichment of bHLH and b-ZIP among DEGs can be found
in yellow horn in response to ABA treatment. Thus, the functions
of bHLH and b-ZIP genes in yellow horn were still required to be
elucidated in our further studies.

Conclusions

We demonstrated for the rst time the complex molecular
responses of yellow horn exposed to multiple abiotic stresses
using RNA-Seq. These combined results would give a deep
understanding of the molecular defensive mechanisms of
yellow horn in response to diverse abiotic stresses. Our ndings
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would make a substantial contribution to the elucidation of the
defense mechanisms of yellow horn at the molecular level. In
addition, these identied candidate genes would also be the
major resources for further detailed genetic studies. Further
studies are currently in progress in order to reveal the molecular
defense mechanisms of yellow horn in response to combina-
tional abiotic stresses.
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