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Arginine has been a mainstay in biological formulation development for decades. To date, the way arginine

modulates protein stability has been widely studied and debated. Here, we employed a hydrophobic

polymer to decouple hydrophobic effects from other interactions relevant to protein folding. While

existing hypotheses for the effects of arginine can generally be categorized as either direct or indirect,

our results indicate that direct and indirect mechanisms of arginine co-exist and oppose each other. At

low concentrations, arginine was observed to stabilize hydrophobic polymer folding via a sidechain-

dominated direct mechanism, while at high concentrations, arginine stabilized polymer folding via

a backbone-dominated indirect mechanism. Upon introducing partially charged polymer sites, arginine

destabilized polymer folding. Further, we found arginine-induced destabilization of a model virus similar

to direct-mechanism destabilization of the charged polymer and concentration-dependent stabilization

of a model protein similar to the indirect mechanism of hydrophobic polymer stabilization. These

findings highlight the modular nature of the widely used additive arginine, with relevance in the

information-driven design of stable biological formulations.
1 Introduction

Maintaining native protein structures in biological formula-
tions poses a challenge, and is commonly addressed by strategic
additive incorporation.1–3 Arginine stands out as a frequently
employed additive in such formulations, spanning both thera-
peutic proteins4 and vaccines.5,6 Arginine has been widely used
as an aggregation suppressor, an agent for protein refolding,
a cryoprotectant during lyophilization, and in protein
purication.7–9 Once hailed as a universal stabilizer, emerging
studies paint a foggier picture of the effects of arginine. In some
settings, the presence of arginine has accelerated the
aggregation,10–12 denaturation,13–15 and inactivation16,17 of
certain proteins and viruses. Additional studies have found that
arginine mechanisms are dependent on concentration.18–21

Hence, the existing literature on arginine reveals a lack of
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a cohesive understanding of its multi-faceted effects on protein
stability.

In general, additive effects on protein stability are thought to
be either direct or indirect. Direct mechanisms involve direct
protein–additive interactions, while indirect mechanisms
inuence protein stability by modulating the surrounding
solvent structure. It remains debated whether arginine acts
primarily via a direct or indirect mechanism. Several studies
called attention to direct interactions between arginine and
aromatic residues,7,22,23 acidic residues,12,20,24 and hydrophobic
moieties.25,26 Other studies have proposed clusters of free argi-
nine molecules in solution enable the crowding out of protein–
protein interactions,20,23,27,28 or alteration of hydration shell
water dynamics.29,30 The wide range of observations related to
the role of arginine on protein stability suggests that arginine
harbors diverse, context-dependent mechanisms.

To elucidate the mechanisms through which arginine
inuences protein stability, this study focuses on its effects on
hydrophobic interactions. Hydrophobic interactions are key in
several biologically relevant phenomena, including protein
folding and stability.31–39 Additives in solutions are known to
modulate the strength of hydrophobic interactions, and in turn,
the stability of proteins.40–46 For example, simulation studies
have shown trimethylamine N-oxide (TMAO) has a negligible
effect on or strengthens hydrophobic interactions,42,47–51 while
these interactions are weakened in urea solutions.41,43,44,52–56

Indeed, the effects of TMAO and urea on hydrophobic
© 2025 The Author(s). Published by the Royal Society of Chemistry
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interactions are consistent with their experimentally-observed
roles as a protein stabilizer and denaturant, respectively.45,57–60

Molecular dynamics (MD) simulations have provided valu-
able insights towards understanding these mechanisms as they
relate to hydrophobicity. Several studies have used a hydro-
phobic polymer model for describing the role of solvent and
additives on protein-like folding.43,44,61–64 The use of a hydro-
phobic polymer model enables the decoupling of additive
effects on hydrophobic vs. other interactions, which is chal-
lenging to do in experiments. Additionally, comparing trends
for purely hydrophobic interactions with experimental obser-
vations allows for inferences about the underlying physics. In
the present study, we utilize MD simulations of a hydrophobic
polymer to characterize the effects of arginine on many-body
hydrophobic interactions pertinent to protein stability and
contextualize these ndings within larger-scale models for
biological formulations.

Overall, we found arginine stabilizes hydrophobic polymer
folding at all concentrations under study. We discovered that
arginine sits on the edge of a mechanistic ip, balancing
between direct- and indirect-dominated effects. As a conse-
quence of this balance, we found subtle modulation of the
polymer chemistry (via partial charge incorporation) changes
arginine from a stabilizing additive to a destabilizer of polymer
folding. Consequently, in practical examples of formulation
design, we observed arginine has variable effects on a model
virus and protein.

2 Methods
2.1 Hydrophobic polymer system setup and molecular
dynamics simulations

We simulated a hydrophobic polymer in arginine solutions at
different concentrations (Table S1†). All simulations were per-
formed using GROMACS 2021.4 (ref. 65 and 66) with the
PLUMED 2.8.0 (ref. 67 and 68) patch applied. The hydrophobic
polymer was modeled as a linear coarse-grained chain with 26
monomers, where each monomer represents a CH2 unit with
Lennard-Jones parameters s = 0.373 nm and 3 =

0.5856 kJ mol−1.42 Box dimensions were dened such that
1.5 nm of space separated the fully elongated polymer from the
nearest box edge. For simulations with no polymer, the same
box dimensions were used. Arginine was modeled in accor-
dance with a pH of 7, resulting in a protonated sidechain
(Fig. S1†). An equal number of arginine molecules and Cl−

atoms were added to the box until the desired concentration
was reached. The TIP4P/2005 (ref. 69) model was used to
describe water, and the CHARM22 force eld was used for
arginine and Cl−.70

All simulations were initially subject to energy minimization
using the steepest descent algorithm. NVT equilibration was
carried out for 1 ns at 300 K, followed by a 1 ns NPT equilibra-
tion at 300 K and 1 atm. During equilibration, temperature was
controlled according to the V-rescale thermostat,71 while pres-
sure was controlled via the Berendsen barostat.72 Following
equilibration, NPT production runs were completed using the
Nosé–Hoover thermostat73 and Parrinello–Rahman barostat.74
© 2025 The Author(s). Published by the Royal Society of Chemistry
Production runs were completed for 20 ns for arginine/water
systems, and between 50–250 ns per window for arginine/
polymer/water replica exchange umbrella sampling (REUS)
runs. This represents total simulation time of 1.8–9 ms for each
system studied depending on the convergence time (see Table
S2† for further details). In all simulations, the Particle Mesh
Ewald (PME) algorithm was used for electrostatic interactions
with a cut-off of 1 nm. A reciprocal grid of 42× 42× 42 cells was
used with 4th order B-spline interpolation. A single cut-off of
1 nm was used for van der Waals interactions. The neighbor
search was performed every 10 steps. Lorentz–Berthelot mixing
rules75,76 were used to calculate non-bonded interactions
between different atom types, except for polymer–water oxygen
interactions (Fig. S2 and Table S2†).
2.2 Replica exchange umbrella sampling

REUS77 simulations were completed to sample the hydrophobic
polymer conformational landscape in arginine solutions. The
radius of gyration (Rg) of the hydrophobic polymer was used as
the reaction coordinate to describe polymer folding/unfolding.
12 umbrella potential windows were centered between Rg =

0.3 and Rg = 0.9 nm, with a spacing of 0.05 nm. A force constant
of K = 5000 kJ mol−1 nm−2 was used in all windows, with the
exception of the window centered at Rg = 0.45, which used K =

1000 kJ mol−1 nm−2 (Fig. S3†).
The potential of mean force (PMF) along the radius of gyra-

tion of the polymer was calculated as W(Rg) = −kBT ln(P(Rg)).
Biased probability distributions were reweighted according to
the Weighted Histogram Analysis Method (WHAM).78 The free
energy of polymer unfolding (DGu) was calculated according to:

DGu ¼ �kBT ln

0
BBB@
Ð Rg;max

Rg;cut
exp

��W�Rg

�
kBT

�
dRg

Ð Rg;cut

Rg;min
exp

��W�Rg

�
kBT

�
dRg

1
CCCA (1)

where Rg,cut was determined as the point between the folded

and unfolded states where
vWðRgÞ
vRg

¼ 0. The convergence of our

REUS runs was assessed by examining the evolution of PMFs
from three replicate simulations (Fig. S4†).

We decomposed the PMF into individual components to
further investigate the role of arginine in polymer folding.
Following the methods outlined by several others,46,79–81 the
PMF was separated into intrapolymer degrees of freedom in
vacuum, Wvac, and a solvent contribution, Wsolv as:

W(Rg) = Wvac(Rg) + Wsolv(Rg) (2)

Wvac(Rg) is obtained from simulations of the polymer in
vacuum, and Wsolv(Rg) is calculated as [W(Rg) − Wvac(Rg)].

In accordance with perturbation theory approaches applied
to solvation phenomena,37,39,82–87 the solvent contribution can be
described as involving two steps: (i) creating a polymer-sized
cavity in solution (Wcav(Rg)), and (ii) turning on attractive poly-
mer–solvent interactions (Eps(Rg)). Wsolv(Rg) can then be
written as:
Chem. Sci., 2025, 16, 6780–6792 | 6781
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Wsolv(Rg) = Wcav(Rg) + Eps(Rg) (3)

where:

Eps(Rg) = Epw(Rg) + Epa(Rg) + Epc(Rg) (4)

Epw(Rg), Epa(Rg), and Epc(Rg) are ensemble averaged polymer–
water, polymer–amino acid, and polymer–counterion interac-
tion energies, respectively, and correspond to the energy asso-
ciated with a state change from folded to unfolded state. All
interaction energies were computed using the gmx rerun feature
of GROMACS, dening separate energy groups for polymer,
amino acid, counterion, and water. Eqn (3) is then used to
determine the Wcav(Rg) term. This decomposition approach
closely parallels the methodology employed by Athawale et al.79

for hydrophobic polymer in water, where hUpwi and Whyd from
their paper correspond to Eps and Wcav in the above
formulation.
2.3 Preferential interaction coefficients

Distribution of arginine with respect to the polymer can be
described via the preferential interaction coefficient (GPA),88–90

GPA ¼ �
�
vmP

vmA

�
mP;T ;P

¼
�
vmA

vmP

�
mA;T ;P

(5)

where m is the chemical potential,m is the concentration andW,
P, and A refer to water, polymer, and an additive, respectively.
This parameter is calculated in simulations using the two-
domain formula91–93 given by:

GPA ¼
*
N local

A �
 
Nbulk

A

Nbulk
W

!
N local

W

+
(6)

where N represents the number of molecules of a given species
and angular brackets denote an ensemble average. The local
and bulk domain was separated by a cutoff distance Rcut from
the polymer. GPA gives a measure of the relative accumulation or
depletion of an additive in the local domain of the hydrophobic
polymer, with GPA > 0 indicating relative accumulation (prefer-
ential interaction) and GPA < 0 indicating relative depletion
(preferential exclusion).
2.4 Hydrogen bond analysis

Hydrogen bonds were calculated according to geometric criteria
of a donor–acceptor distance of r # 0.35 nm and donor–
hydrogen–acceptor angle of 150° < q < 180°.94 Hydrogen bond
existence correlation functions for water–water and arginine–
water interactions were estimated according to:95–97

CðsÞ ¼ hPi;j hijðt0Þhijðt0 þ sÞ
P
i;j

hijðt0Þ2
i (7)

where hij(t0) is equal to 1 if there is a hydrogen bond between
groups i and j at time t0, and 0 if no hydrogen bond is present.
An average over all possible values of the time origin t0 was
taken over the last 5 ns production simulations.
6782 | Chem. Sci., 2025, 16, 6780–6792
2.5 Contact coefficients

Contact coefficients (CC) give a measure of excipient preference
for interacting with specic residues. Here, we computed CCs as
described by Stumpe and Grubmüller:98

CCX ¼ NX�A

NX�W

MW

MA

(8)

where NX−A and NX−W are the number of atomic contacts of
protein residue X with an additive or water molecules, respec-
tively. Atoms were dened to be in contact if any pair of heavy
atoms were within a 0.35 nm cut-off. CCs are normalized by the
total number of additive atoms (MA) and water atoms (MW) in
solution. Values of CCX > 1 indicate preferential interaction with
an additive for residue X, while CCX < 1 denotes preferential
interaction with water.
2.6 Protein and virus simulation setup

Porcine parvovirus (PPV) and hen egg white lysozyme (HEWL)
were used as large-scale models for formulation design. To
model PPV, we constructed a surface model using 15 monomers
from the published crystal structure (PDB: 1K3V).99 This was
achieved by selecting three reference Ca atoms from the 5-fold
pore of the viral surface, and aligning the vector normal to these
points with the z-axis of the simulation box. Box dimensions
were 24 × 24 × 12 nm, with the capsid surface model extending
approximately 9 nm in the z-direction.

During equilibration, a position restraint with a force constant
of 1000 kJ mol−1 nm−2 was applied to all capsid atoms within
1.5 nm from the wall. Capsid atoms between 1.5 nm and 3.0 nm
from the wall were restrained with a force constant between 1–
1000 kJ mol−1 nm−2, with atoms further from the wall scaled to
a lesser extent. Capsid atoms further than 3.0 nm from the wall
were le fully exible. PPV simulations were carried out in the
NVT ensemble – rst for 1 ns to reach the target temperature,
followed by 50 ns to allow the solvent to relax. 100 ns production
runs, with positional restraints on the capsid removed, were then
completed and used for further analysis. Equilibration of the PPV
surface systems was measured according to Ca RMSD and was
observed to reach a steady state within 50 ns (Fig. S6†).

To prevent diffusion of excipient molecules into the capsid
interior, a wall was placed at z = 0 nm, and the capsid surface
was positioned on top of this wall (Fig. S6†). The validity of the
surface model for PPV was assessed by measuring residue–
residue correlations within capsid proteins relative to a fully
assembled capsid (Fig. S7†). We nd that the residue–residue
correlations are well-conserved in the surface model. Because
this surface model lacks the full context of a fully assembled
capsid, our approach is understandably limited in reproducing
protein–protein uctuations relative to a fully-assembled capsid
(Fig. S8†). We surmise that because the surfacemodel retains its
assembled structure and conserves the residue–residue corre-
lations it is a sufficient model for assessing virus–excipient
interactions at a fraction of the computational cost required for
fully-assembled capsid simulations.

Arginine molecules were added to the exterior of the capsid
surface model to reach a target concentration of 0.1 M, and Na+
© 2025 The Author(s). Published by the Royal Society of Chemistry

http://creativecommons.org/licenses/by-nc/3.0/
http://creativecommons.org/licenses/by-nc/3.0/
https://doi.org/10.1039/d4sc08672d


Edge Article Chemical Science

O
pe

n 
A

cc
es

s 
A

rt
ic

le
. P

ub
lis

he
d 

on
 1

1 
M

ar
ch

 2
02

5.
 D

ow
nl

oa
de

d 
on

 7
/1

9/
20

25
 1

0:
05

:0
7 

A
M

. 
 T

hi
s 

ar
tic

le
 is

 li
ce

ns
ed

 u
nd

er
 a

 C
re

at
iv

e 
C

om
m

on
s 

A
ttr

ib
ut

io
n-

N
on

C
om

m
er

ci
al

 3
.0

 U
np

or
te

d 
L

ic
en

ce
.

View Article Online
and Cl− atoms were distributed throughout the box to both
neutralize the system and reach a concentration of 0.15 mM.
Analysis was carried out on the converged portion of the
trajectory, which constituted an aggregate sampling time of 750
ns across monomers.

HEWL was modeled from an available crystal structure (PDB:
1LYZ),100 and simulated in solution with 0.1, 0.2, 1.0, and 2.0 M
arginine. HEWL simulations were carried out in the NVT
ensemble for 1 ns to equilibrate to the target temperature, fol-
lowed by 1 ns NPT simulations to reach the target density. HEWL
production runs were completed for 100 ns in the NPT ensemble,
reaching conformational equilibration within 20 ns (Fig. S5†). For
both HEWL and PPV, the force eld, thermostats, and barostats
matched those used for the hydrophobic polymer systems.

2.7 Experimental temperature stability studies

Liquid samples of PPV in arginine solutions were prepared in
triplicates and were put in either a heat block at 60 °C101 or in
a fridge at 4 °C for 72 hours. The titer of PPV was determined by
3-(4,5-dimethylthiazol-2-yl)-2,5-diphenyltetrazolium bromide
(MTT) colorimetric cell viability assay.101 Differential scanning
uorimetry (DSF) was performed to compute the hydrophobic
exposure temperature (HET) of HEWL in arginine solu-
tions.102,103 More details for both experimental methods are
included in the ESI.†

3 Results and discussion
3.1 Arginine favors hydrophobic polymer folding

Fig. 1a shows the PMF along the Rg reaction coordinate. In all
solutions, free energy minima were observed at approximately
0.4 and 0.8 nm (congurations labeled I and III in Fig. 1g), along
with a prominent free energy barrier at ∼0.6 nm representing
the transition between folded and unfolded states (Fig. 1a). In
pure water, hydrophobic polymer folding is unfavorable, with
the unfolded state favored by ∼0.3 kT. In contrast, at all argi-
nine concentrations, the folded state of the polymer is favored
relative to pure water, and a monotonic increase in DGu is
observed. An additional barrier at ∼0.45 nm was identied
separating two folded states, labeled as I and II in Fig. 1a.
Representative polymer congurations were identied using
the HDBSCAN104 algorithm (Fig. S9†).

The folded polymer ensemble in arginine solutions exhibits
free energy minima corresponding to globular (∼0.4 nm) and
hairpin-like (∼0.5 nm) congurations (labeled I and II in
Fig. 1g). Arginine clusters encapsulating the hydrophobic
polymer are observed in each state (Fig. S10†). We propose that
the free energy barrier separating these two states arises from
an energetic penalty associated with breaking these encapsu-
lating clusters. Such a mechanism is similar to that observed by
Li et al.,26 who observed arginine-mediated suppression of
hydrophobic association.

3.2 Decomposition of arginine effects on polymer folding

Fig. 1b–f shows the decomposition of the PMF into various
components. The vacuum component, Wvac, favors the folded
© 2025 The Author(s). Published by the Royal Society of Chemistry
state of the polymer, associated with favorable intrapolymer
interactions and congurational entropy upon folding (Fig. 1b).
Because this component does not depend on the presence of
arginine, a balance of the remaining components dictates the
effect of arginine on hydrophobic polymer folding.

Cavity formation is a crucial step in hydrophobic hydration
phenomena, and has been shown to play an important role in
governing the folding behavior of the hydrophobic
polymer.43,44,61–64 Wcav is calculated as Wsolv(Rg) − Eps(Rg), as
described in the Methods section. The cavitation component
favors the folded state (Fig. 1c), reecting a strong hydrophobic
driving force for polymer folding.61,79

Attractive polymer–water interactions become more favor-
able with increasing Rg (Fig. 1d), indicating polymer–water
interactions oppose polymer folding. It is worth noting that the
free energy minima at ∼0.8 nm in the unfolded ensemble is
observed in an aqueous environment (Fig. 1a), but not in
vacuum (Fig. 1b). This minima arises due to favorable polymer–
water interactions, consistent with prior MD simulations that
showed water-mediated interactions drive large hydrophobic
solutes apart.62,87,105 Additionally, sufficient dewetting of the
hydrophobic polymer is a hypothesized bottleneck to
folding,61,79,106 resulting in the free energy barrier at ∼0.6 nm
separating the folded and unfolded states.

Attractive polymer–arginine interactions approach an ener-
getic minima at ∼0.5 nm (Fig. 1e), giving rise to the global
minimum observed in the overall PMF. Polymer–Cl− interac-
tions were observed on the order of thermal uctuations,
consistent with previous observations that Cl− ions are depleted
from the local domain of hydrophobic solutes.41,107

Fig. 1h shows the change in each component upon unfolding
in arginine solution relative to that observed in water. In Fig. 1h,
the rst D arises from the difference between folded and
unfolded states (e.g., DE = hEui − hEfi), and represents the free
energy associated with a state change from folded to unfolded.
The second D arises from the free energy difference between
arginine solution (DEarg) and water (DEwat) (e.g., DDE = DEarg −
DEwat).

With increasing arginine concentration, we observed an
increasingly favorable cavitation component for folding
(Fig. 1h). Specically, we observe a change in sign in the cavi-
tation component from negative (unfavorable) to positive
(favorable) with increasing arginine concentration. In other
words, formation of a smaller cavity becomes more favorable at
high arginine concentration. Concurrently, preferential poly-
mer–arginine interactions are observed to increase with
increasing arginine concentration. Thus, we hypothesize that
arginine may strengthen hydrophobic interactions associated
with hydrophobic polymer folding via a surfactant-like mecha-
nism. Such a mechanism has been described in detail for
alcohol cosolvents and TMAO, where preferential cosolvent
adsorption to the polymer–solvent interface drives hydrophobic
polymer folding.51,108 Our ndings strengthen the notion that
the effective attraction between hydrophobic solutes in the
presence of amphiphilic cosolvents (such as arginine, alcohols,
and TMAO) may be a generalizable phenomenon.
Chem. Sci., 2025, 16, 6780–6792 | 6783
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Fig. 1 PMF decomposition in 0.0 M, 0.25 M, 0.5 M, and 1.0 M arginine solutions. (a) The PMF obtained along the Rg reaction coordinate,W(Rg), (b)
vacuum component, Wvac, (c) cavitation component, Wcav, (d) polymer–water interactions, Epw, (e) polymer–arginine interactions, Epa, and (f)
polymer–Cl− interactions, Epc. (g) Representative configurations along the reaction coordinate as denoted in (a) as I, II, and III. (h) Changes in
overall free energy of unfolding (DDGu), cavitation contribution (DDGcav), polymer–water interactions (DDEpw), and polymer–arginine interac-
tions (DDEpa). Increasing arginine concentration is denoted by increased shading (light to dark) and is indicated by arrows in (a–f). The polymer in
water alone is shown in black, where appropriate. Mean values were estimated from three replicate REUS simulations. Error bars are reported as
described in the ESI.† All plots are normalized to 0 at Rg = 0.4 nm, where appropriate.
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Looking at the trends in DDEpw, we found that in 0.25 M
arginine solutions, the polymer–water component favors poly-
mer unfolding relative to in pure water (Fig. 1h). This is
consistent with prior work that reported the key role of water–
solute interactions in hydrophobic behavior.46,80,85,109–115 At 0.5 M
and 1.0 M arginine concentrations, this component favors
polymer folding. With arginine present, the local domain of the
polymer exhibits a reduction in the average number of water
molecules (Fig. S11†), indicating an effective expulsion of water.
This, in turn, diminishes polymer–water interactions that resist
polymer folding.

The polymer–arginine contribution favors the folded poly-
mer state at 0.25 M and 0.5 M arginine concentrations relative
to in pure water (Fig. 1h). However, at 1.0 M arginine concen-
trations, polymer–arginine interactions promote polymer
unfolding. Together, these results indicate that neither direct
6784 | Chem. Sci., 2025, 16, 6780–6792
nor indirect mechanistic hypotheses alone can describe the
effects of arginine on hydrophobic polymer folding.
3.3 Mechanistic ip with increasing arginine concentration

To investigate potential competing effects of direct and indirect
mechanisms, we combined the components of our PMF
decomposition, delineating between those linked to direct
effects (polymer–arginine and polymer–Cl−; DDGdir) and indi-
rect effects (cavitation and polymer–water; DDGind) of arginine
(Fig. 2a).

We discovered that, with increasing concentration, the
mechanism underlying the effects of arginine transitions from
direct to indirect dominance. At 0.25 M, cavity formation and
polymer–water interactions oppose polymer folding, while
arginine–polymer interactions favor folding. The balance of
these components gives rise to DDGdir > DDGind, resulting in the
© 2025 The Author(s). Published by the Royal Society of Chemistry
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Fig. 2 Components of the free energy of hydrophobic polymer
unfolding in 0.25M, 0.50M, and 1.0M (a) arginine, (b) guanidinium, and
(c) glycine solutions. Changes in overall free energy of unfolding
(DDGu), direct interactions (DDGdir), and indirect effects (DDGind) are
shown. Increasing additive concentration is denoted by increased
shading (light to dark; left to right). Mean values are reported from
three replicate REUS simulations. Error bars were estimated via error
propagation (see ESI for details†).
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net stabilization of folded conformations and supporting the
direct mechanism hypothesis (Fig. 2a).

In contrast, for the high-concentration regime (0.5 M and 1.0
M), cavity formation and polymer–water attractive interactions
favor polymer folding, while attractive arginine–polymer inter-
actions favor unfolding of the hydrophobic polymer. In this
case, indirect components dominate the free energy difference
(DDGdir < DDGind), stabilizing polymer folding and supporting
the indirect hypothesis (Fig. 2a).

Thus, within the range of concentrations studied, we have
uncovered that arginine exists at the edge of a mechanistic ip
between direct- and indirect-dominated stabilization of many-
body hydrophobic interactions. The identication of this
mechanistic switch may explain the variety of hypotheses in the
existing arginine literature. Because arginine is situated on this
razor's edge, small changes associated with the chemistry of
a protein surface, the addition of cosolvents to solution, or
differences in sample preparation may cause signicant
changes in the modulation of hydrophobic interactions due to
arginine.
3.4 Distinct roles of arginine's sidechain and backbone

Arginine is comprised of a polar backbone and an aliphatic
sidechain characterized by a guanidinium group. To investigate
the roles of these components on hydrophobic polymer folding,
we completed an additional PMF decomposition in guanidi-
nium and glycine solutions (see ESI for simulation details†). At
all concentrations under study, we observed that guanidinium
favors the hydrophobic polymer folding primarily via a direct
mechanism, while glycine stabilizes polymer folding primarily
via an indirect mechanism (Fig. 2b and c).
© 2025 The Author(s). Published by the Royal Society of Chemistry
In the case of guanidinium, stabilization is driven entirely by
attractive polymer–guanidinium interactions that favor folding,
while polymer–water interactions and cavity formation oppose
polymer folding (Fig. 2b). In glycine solutions, however, stability
is driven by the inverse mechanism; polymer–water interactions
and the cavitation component favor folding, while folding is
opposed by attractive polymer–glycine interactions (Fig. 2c).
Based on these ndings, we characterize arginine as exhibiting
a guanidinium-like mechanism at low concentrations and
a glycine-like mechanism at high concentrations.

While glycine is known to be an effective stabilizer of
proteins,21,116,117 our observations obtained for guanidinium are
somewhat surprising due to its common role as a protein
denaturant.118–120 Several studies have stressed the importance
of direct interactions in guanidinium-induced denaturation,
primarily via breaking salt bridges, competing for intra-protein
hydrogen bonds, and interacting with aromatic moieties via
cation–pi stacking.119,121,122 Usually, this occurs at high concen-
trations of guanidinium salts. Our ndings suggest that while
guanidinium may stabilize hydrophobic interactions at low
concentrations, this is outweighed by denaturing mechanisms
at high concentrations.
3.5 Resolving polymer–arginine–water interactions

Thermodynamic analyses of arginine effects on polymer folding
discussed above indicate that direct and indirect mechanisms
co-exist and compete at all concentrations under study. To
probe this further, we characterize the molecular interactions
between arginine, water, and the polymer. Specically, we look
at hydrogen bonding between arginine and water to describe
hydration patterns of the arginine sidechain and backbone
groups. Preferential interactions are used to elucidate the
balance of polymer–arginine–water interactions.

To describe how arginine interacts with water, we considered
hydrogen bonding interactions between water and backbone
(COO−, NH3+) or sidechain (Gdm+) atoms of arginine. Overall,
the number of backbone-water hydrogen bonds is greater than
sidechain-water hydrogen bonds (Fig. 3a). We further observe
the fraction of occupied hydrogen bonding sites to be higher for
backbone groups than the sidechain (Fig. S12†). The hydrogen
bond existence autocorrelation function for the 0.25 M arginine
solution revealed hydrogen bonds formed between backbone-
water atoms are, on average, longer-lived than sidechain-water
hydrogen bonds (Fig. 3b). As arginine concentration
increases, hydrogen bond lifetimes also increase for both argi-
nine–water and water–water interactions (Fig. S13†). In prin-
ciple, this may be considered a stabilizing property of arginine,
as a growing body of literature has supported the role of stabi-
lizing osmolytes in increasing hydrogen bond lifetimes and
reducing water dynamics.123–129

Pairwise radial distribution functions (RDFs) were computed
between the water oxygen (OW) and either the alpha carbon
(CA) or guanidinium carbon (CZ) of arginine to quantify the
local structure of water around arginine molecules (Fig. 3c). The
rst peak in the OW–CA RDF was observed to increase slightly
with concentration. This indicates preferential hydration of the
Chem. Sci., 2025, 16, 6780–6792 | 6785
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Fig. 3 Arginine–water interactions. (a) Hydrogen bonds observed
between backbone groups (COO−, NH3+) and the guanidinium
(Gdm+) sidechain with water. (b) Hydrogen bond existence correlation
functions for water–water, COO−–water, Gdm+–water, and NH3+–
water in 0.25 M arginine solution. (c) Radial distribution function
between OW and either CA (purple) or CZ (gold). (c, inset) Arrows
denote trends observed with increasing arginine concentration. (d) A
representative snapshot of hydrogen-bonding interactions involving
arginine and water. Water molecules interacting with the Gdm+

sidechain are highlighted in yellow, while those interacting with NH3+
and COO− are shaded in blue and purple, respectively.
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backbone group as more arginine molecules are introduced to
the solution. There is, however, no such change observed in the
OW–CZ RDF with concentration. A representative snapshot of
water interactions with a single arginine molecule is shown in
Fig. 3d (2D representation is shown in Fig. S14†). Together,
these results indicate that the backbone of arginine is the
primary site for interaction with water.

While we found arginine preferentially interacts with water
via its backbone, we hypothesized arginine interacts with the
polymer via its sidechain. It has been reported elsewhere that
dehydration of the planar guanidinium face is important in
forming face–face stacking interactions in aqueous guanidi-
nium solutions.130 In our case, the dehydrated face of guanidi-
nium is expected to play a key role in direct arginine–polymer
interactions, similar to interactions observed between guani-
dinium and hydrophobic/aromatic protein residues.7,22,23,131
Fig. 4 Preferential interaction coefficient values as a function of the cu
arginine, (b) guanidinium, and (c) glycine. Dashed lines indicate values for
concentration is denoted by increased shading (light to dark). Mean value
reported as standard deviations from mean values.

6786 | Chem. Sci., 2025, 16, 6780–6792
Wyman–Tanford theory relates the dependence of any
equilibrium process (such as protein folding) and preferential
interaction as:132–134

�
�
vDGu

vmA

�
¼ Gu

PA � Gf
PA (9)

where Gu
PA represents the preferential interaction coefficient in

the unfolded state, while Gf
PA represents the folded state. As

a result, denaturants are expected to have a greater preferential
interaction coefficient in the unfolded ensemble, while stabi-
lizing osmolytes have a greater preferential interaction coeffi-
cient in the folded ensemble.45,63,135,136 In 0.25 M arginine
concentration, we observed greater preferential interactions
with the folded state relative to the unfolded state (Fig. 4a and
S15†). With increasing concentration, we observe a diminishing
difference between Gu

PA and Gf
PA. We hypothesize that this

reects a reduced preference for arginine to interact with the
folded hydrophobic polymer, which may give rise to the change
in sign observed in the polymer–excipient component from
favoring the folded state to favoring the unfolded state.

Preferential interaction coefficients for guanidinium and
glycine solutions are shown in Fig. 4b and c, respectively. We
observed that at all concentrations, guanidinium preferentially
interacts with the hydrophobic polymer (Fig. 4b). This is
consistent with experimental evidence, as well as a prior
simulation study that observed attractive guanidinium–polymer
interactions with a model hydrophobic polymer.43,80 Glycine,
meanwhile, was found to be preferentially excluded from the
local domain of the hydrophobic polymer (Fig. 4c). This nding
is consistent with the observed preference for the backbone of
arginine to hydrogen bond with water, relative to the sidechain.
Elsewhere, glycine has been observed to deplete from the
surface of several model miniproteins, consistent with our
ndings.136

To explore whether the preferential interactions of arginine
with polymer and water are accompanied by preferential
orientations, we computed an orientation parameter inspired
by Shukla and Trout.137 This parameter was computed as the
angle formed in three-dimensional space between polymer–CZ
and CZ–CA vectors (Fig. 5a). Themonomer closest to CZ is taken
for the polymer–CZ vector. Angles where q > 90° indicate the
t-off distance for the local domain of the hydrophobic polymer for (a)
the unfolded state, while solid lines indicate the folded state. Increasing
s and errors were estimated from three replicate simulations. Errors are

© 2025 The Author(s). Published by the Royal Society of Chemistry
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Fig. 5 Preferential orientation of arginine relative to the hydrophobic
polymer. (a) Representation of the three-body angle, q. (b) P(q) is
shown for 0.25 M, 0.5 M, and 1.0 M arginine concentrations. Solid lines
denote the probability distribution for folded conformations, while
dashed lines indicate the unfolded state. Increased concentration is
denoted by increased shading.

Fig. 6 Charged polymer simulations. (a) Locations of the negative
(blue) and positive (red) partial charges. (b) PMFs associated with the
charged polymers. (c) Free energy difference of polymer unfolding as
a function of arginine concentration. (d) Change in PMF components
in Arg solution relative to pure water, for the charged polymer.
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arginine backbone orients towards the bulk solvent, while q <
90° indicates the arginine backbone orients towards the poly-
mer. We observed that for all concentrations, the probability
P(q) is skewed towards angles greater than 90° (Fig. 5b).

Further, for all arginine concentrations, the mean value of q
for the folded state is greater than that observed for unfolded
congurations (Fig. 5b). This preferential orientation of argi-
nine enables the hydrophobic face of the guanidinium side-
chain to interact with the hydrophobic polymer, while extension
of the backbone towards the bulk enables additional interac-
tions with either water or other free arginine molecules. The
greater ability for arginine to adopt preferred orientations in the
folded state, particularly at 0.25 M, may partially explain the
favorable GPA values described previously.
Increasing concentration is denoted by increased shading.
4 Contextualizing the mechanistic
flip of arginine
4.1 Arginine destabilizes a charged polymer

To explore whether we could shi arginine further towards
a direct-dominated mechanism, we modied our hydrophobic
polymer to include four beads with opposing partial charges
(Fig. 6a). In pure water, charged polymer folding was observed
to be favorable, resulting in a prominent free energy minimum
at Rg ∼0.5 nm (Fig. 6b). Relative to the hydrophobic polymer,
this is indicative of a conformational preference of the polymer
to adopt hairpin-like, rather than globule-like, congurations (II
and I in Fig. 6a, respectively).

Upon addition of either 0.25 M or 1.0 M arginine, folding of
the charged polymer becomes less favorable (Fig. 6c). We
attribute this to a preference for arginine to interact with the
charged sites, which are more accessible to arginine in the
unfolded state. Indeed, at both concentrations, attractive poly-
mer–arginine interactions dominate (Fig. 6d), driving polymer
unfolding. This model demonstrates that even subtle changes
to the chemistry of a macromolecule can re-balance arginine
mechanisms.
4.2 Implications for formulation design

Arginine-induced destabilization of a charged polymer illus-
trates that, when hydrophobic interactions compete with other
© 2025 The Author(s). Published by the Royal Society of Chemistry
effects, the effectiveness of arginine as a stabilizer can be
altered. To better understand this feature of arginine, we
explored the temperature stability of two models for formula-
tion design: PPV and HEWL.

PPV is a non-enveloped virus with a single stranded DNA
genome.138 The PPV capsid is a spherical shell comprised of 60
copies of viral proteins (VP) VP1, VP2, and VP3 in a 1 : 10 : 1
ratio, arranged in an icosahedral symmetry.99 Due to the rela-
tively small size and structural simplicity of PPV, recent studies
have employed the virus as a model for investigating virus
purication and thermostabilization techniques.101,139–141

HEWL, meanwhile, is a relatively small protein with a well-
dened fold (PDB: 1LYZ) and high stability.100,142 Due to these
features, it has been widely used as a model for protein
folding143–145 and exploring osmolyte effects.116,146,147 HEWL has
also been used to investigate aggregation-suppressing effects of
arginine. Several studies have proposed that arginine interacts
favorably with aromatic and acidic residues of HEWL, which
limits solvent exposure of aggregation-prone patches.7,20,22,23,148

Arginine has also been observed to enhance the heat-induced
aggregation of bovine serum albumin and b-lactoglobulin, but
not HEWL – highlighting its context-dependent effects.11

To understand the effect of arginine on these biomolecules,
temperature stability assays were carried out at different
concentrations of arginine. For PPV, we completed an infectivity
Chem. Sci., 2025, 16, 6780–6792 | 6787
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Fig. 7 Temperature stability of (a) PPV and (b) HEWL as a function of
arginine concentration. DLRV is reported as LRVBuffer – LRVArg, while
DTHE = THE,Arg − THE,buffer. Increasing concentration is denoted by
increased shading. An asterisk (*) denotes p < 0.05, and error bars are
the standard deviation of the reported mean.

Fig. 8 Arginine distributions from PPV and HEWL systems. (a) Arginine
contact coefficients at 0.1 M concentration at the PPV 5-fold surface.
Bars are shown for different residue types, hydrophobic (green),
hydrophilic (yellow), positive (blue), and negative (red), and was
computed separately for backbone atoms (gray). (b) Preferential
interaction coefficient for arginine/HEWL in 0.1 M, 0.2 M, 1.0 M, and
2.0 M arginine solutions. Increasing concentration is denoted by
increased shading (light to dark). Representative snapshots and volu-
metric density plots of the (c) PPV 5-fold surface and (d) HEWL in
arginine solutions are shown. PPV and HEWL are shown in a surface
representation, and protein residues are colored according to residue
type as in panel a. Arginine density at an isovalue of 0.1 atoms per Å3 is
shown in black mesh representation.
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assay (see ESI for Experimental details†) following virus incu-
bation at 60 °C for 3 days – sufficiently long to observe
a signicant decrease in the infectious titer.139 Log reduction
values (LRV) describe the decrease in the infectious titer of heat-
treated virus, relative to the initial virus solution. We found, at
all investigated arginine concentrations, more infectious PPV is
lost relative to in buffer alone, resulting in negative DLRV values
(Fig. 7a). Such a nding indicates reduced temperature stability
of the virus in arginine solutions.

For HEWL, we completed a thermal shi assay (see ESI for
details†) to quantify the hydrophobic exposure temperature
(THE) of the protein.102,103 At low concentrations (0.2–1.0 M) of
arginine, a decrease in THE is observed relative to buffer alone,
indicating destabilization of HEWL (Fig. 7b). With increasing
arginine concentration (1.5 M), the temperature stability of
HEWL improves. Such a nding closely resembles the temper-
ature stability of ovalbumin and lysozyme in arginine solutions
reported by Vagenende et al.20 The ndings at low concentra-
tions of arginine are in contrast to the stabilization of hydro-
phobic polymer folding observed in the MD simulations. Thus,
we infer that at these concentrations, the destabilizing effects of
arginine on HEWL arise from interactions beyond hydrophobic
interactions. We surmise that with increasing arginine
concentrations, the strengthening of hydrophobic interactions
dominates over the destabilizing effects, resulting in the stabi-
lization of HEWL.

4.3 Molecular-level investigation of formulation models

The lack of consensus regarding the effects of arginine – further
accentuated by our investigation of PPV and HEWL temperature
stability – may be rationalized by the positioning of arginine at
the edge of the mechanistic ip described in the present work.
Additionally, we have shown that when charged beads are
added to a hydrophobic polymer, this subtle change results in
complete arginine-induced destabilization. To better under-
stand the connection between the mechanistic ip of arginine
and the relevance of differing molecular contexts, we completed
6788 | Chem. Sci., 2025, 16, 6780–6792
straightforward MD simulations of HEWL and PPV systems in
arginine solution.

The PPV major capsid protein, VP2, is known to self-
assemble into virus-like particles that are non-pathogenic, but
are morphologically similar to native PPV virions.149 Experi-
mental identication of this structure99 enables PPV for
molecular-level investigations via molecular simulations. On
the capsid surface, prominent structural features include
a canyon surrounding a pore at the 5-fold axis of symmetry,
protruding spikes located at the 3-fold axis of symmetry, and
a dimple on the 2-fold axis of symmetry.99 We found that the use
of 15 VP2 proteins is the minimum system size required to
capture these structural features, reducing the system size from
∼3 000 000 to ∼750 000 atoms. With this truncation, we were
able to reach conformational equilibrium in a computationally-
feasible amount of time, which was not possible for a fully-
assembled capsid system (Fig. S5†). This surface model also
accurately reproduced residue–residue cross-correlations of
a fully-assembled capsid (Fig. S7†), reecting accurate local
protein dynamics. We note, however, that global protein–
protein dynamics are not perfectly captured (Fig. S8†). Together,
this approach enables simulations of virus–excipient interac-
tions at timescales accessible to MD without sacricing atom-
istic resolution.

At the PPV surface in 0.25 M arginine solution, we observed
preferential arginine accumulation at various sites across the
surface (Fig. 8a and c). Specically, via calculation of contact
coefficients of different residue types distributed across the PPV
capsid surface, we identied signicant accumulation of argi-
nine near negatively charged glutamate and aspartate residues.
© 2025 The Author(s). Published by the Royal Society of Chemistry
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From these ndings, we hypothesize that direct interactions
between arginine and charged residues at the PPV surface drive
the instability observed from experiments. In this case, the
dominating mechanism may be similar to that observed for
arginine-induced unfolding of a charged polymer.

For HEWL, we completed simulations of 0.1 M, 0.2 M, 1.0 M,
and 2.0 M arginine solutions. With increasing concentration,
we observed an increase in preferential exclusion of arginine
and reduction of arginine density local to the protein (Fig. 8b
and d). This trend matches the concentration-dependent
exclusion of arginine from various proteins reported else-
where.20,27,93,134,150 This nding, along with the increase in HEWL
melting temperature observed at high arginine concentration,
suggests that arginine imparts stabilization of HEWL via indi-
rect effects. On the other hand, direct arginine–HEWL interac-
tions may be destabilizing, which explains the decreased
melting temperature of HEWL while arginine is less excluded
from the local domain of the protein.

5 Conclusions

Overall, our ndings illuminate the intricate mechanisms
underlying the multi-faceted effects of arginine on hydrophobic
polymer folding. Arginine was observed to increase the favor-
ability of many-body hydrophobic interactions, a key factor in
protein stabilization. Our observations reveal a nuanced inter-
play in the impact of arginine on hydrophobic interactions,
teetering on the edge of a mechanistic ip. At low concentra-
tions, direct sidechain-driven interactions dominate, shiing to
indirect backbone-driven effects at high concentrations.

The simultaneous presence of competing direct and indirect
effects implies that changes in the chemistry of a protein
surface, the addition of co-additives to solution, or differences
in sample preparation, may cause signicant changes in the
mechanism of action of arginine. A shi towards the direct
mechanism risks guanidinium-like denaturation of native
proteins by disrupting electrostatic and hydrogen-bonding
interactions. Conversely, a shi towards the indirect mecha-
nism may yield glycine-like stabilization of native proteins
through preferential hydration.

We illustrated examples of the context-dependent effects of
arginine through models of protein (HEWL) and virus (PPV)
stability. We observed that arginine destabilizes PPV across
a wide concentration range, which we attribute to destabilizing
direct arginine–PPV interactions. This mechanism resembles
the effects of arginine on a charged polymer model, suggesting
that in both cases, arginine-induced destabilization via charge–
charge interactions outweighs arginine-induced stabilization of
hydrophobic interactions. We further found that arginine
destabilizes HEWL at low concentrations and stabilizes HEWL
at high concentrations, which we found is associated with an
increased exclusion of arginine from the HEWL surface. This
mechanism closely resembles the concentration-dependence of
the indirect mechanism of arginine in a hydrophobic polymer
model. Hence, at high concentrations, HEWL destabilization
due to arginine charge–charge interactions may be opposed by
an overall stabilization of hydrophobic interactions.
© 2025 The Author(s). Published by the Royal Society of Chemistry
Classical models may underestimate weak hydrogen-
bonding interactions, such as CH–O hydrogen bonds, that
have been found to be important in some protein-solvent
systems such as in relative temperature-dependent stability of
hydrogen bonds in an a-helix versus in a 310-helix.151–154 While
osmolyte–protein and osmolyte–water interactions are generally
consistent between classical and quantum mechanics,155–157

some discrepancies have also been reported.158 Thus, it will be
interesting to further probe the effects reported here using ab
initio simulations that explicitly account for the impact of
electronic structure on stability. However, the computational
cost of such simulations remains prohibitive in terms of high-
throughput investigations of excipient effects. For this reason,
the acceleration of ab initio simulations through methods such
as multiple time-stepping159 or machine learning frameworks160

is critical for the application of such methods towards biolog-
ical formulation design.

Our results suggest overall that arginine is uniquely situated
for use in formulations due to the tunable, context-dependent
properties of its effects. Hence, while arginine may not be
considered the universal stabilizer it once was, its balance
between direct- and indirect-driven stabilization of hydro-
phobic interactions solidies its signicance in formulation
design.
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